WALDO: Where Unseen Model-based 6D Pose Estimation Meets Occlusion

Sajjad Pakdamansavoji  Yintao Ma Amir Rasouli Tongtong Cao

Huawel Technologies Canada

Stop occlusion errors from cascading: sample where the object is visible, keep several pose hypotheses and refine them, for +6 UAR on ICBIN and ~3 x faster inference than SAMéD.
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e On BOP-Core*, AR overstates WALDO’s UAR by 0.17 (+30%):
standard AR rewards the easy, visible cases.
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